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“ NTHHE” (Artificial Intelligence , Al) FUBFSY DL S 3E F HMbF & 45 0= i A E C 2/ IR K D7
T AHEIEXT ANTAY A I H R 2R 7 A B, 6 2 2022 4F AT T.H ChatGPT #E/E Z 5 1Y)
FH . ChatGPT BYBEA & AL TFIRFZIR R ARAE T 27~ I AR LR A

IBM K AL FHE N« — R ER  IX R B AR T SALAL AR B 898 BE, JF H 4% i the [m) R 1Y) fiE
Ji7t . OECD HI Al REE(AI System ) VZ 48 AT ARG T H, < 2R IHLET, o 1 95 B0 i B 25 114
FIbR , 3 T AR B g AR RIS SR AE T, IS 1 J000 I8 THIR SR A5 R Al 2R 5 1 2 Gt 45 21 T
Rl AT B HEAOLER B o B B 5 IR AT 28 550 1 T A P AR 2 4
i IBM BEES, AL BYR DD sl DA B E) 1950 4F 348 - 1812 (Alan Turing) &R B (HHREHLA 5 H
HEY ( Computing Machinery and Intelligence) — X, MEEEX G CEPRE TP 2E T LU A9
i, 2016 4F , DeepMind T IR EEMIZ M 2K IR EN 1Y AlphaGo [ITH AL T “ HLAS Rl LLUE %7 %
— (A, NTHERE T AT AP & g, 2022 4F, 3 T K ALE F AR (Large Language Models, LLMs) fY
ChatGPT HEA: , 3 T AbBEAN A pE TR 5 SURBIN A, Hifb—28 AT T A, 11 Sora AU
B A I RE 0 w5 PSS R AR A i A AL RS PE DI RE . 1BM 38, LLMs J2& £ i i £l dhs
LRSS A EAL S BB B A ARG & (G ANRIE T ) , ATTE S VEAE 55 55 8 1 el P RO T T8
i 2 2] B ORI 1Y e e R S v TE B Gt 1BM A R (T LLMSs (920 2L AR
AR ALIGHEUA R LA AT (5 0 AT TR s 0R T BAR B R A se e 2,

Al THAY LU — 5 50507 RSO G4 B e IR U ok T — 2 2, (2
Zad 2R , MR AT AT 2 T B AFEAR 2 o AU . A, 26 s ARG A T AL T H X THE
I FRREFNZE BT i A A Al Al AU R [T Qs ] AT TR TImAR 2Pk, Mk om
AR AL 45 B SRR TR ITR AT PR RIBL S o M SR A R G BU55 AR IH K A2
I AT WFF 22 BRI < AT RIASR M RBA 2 . FRATT IR A R - (78 AT THAEH B) A AR
HESHBATIE A T7 ) A J 7 FATTXE AT B9 K S I7 i A7 22 43 I 27 FE W] — A28 B R &
SR FARBIRAAE . AL BAT—E Wy, al LA B IRA T B0 2 R ¢, 9 sm 3R A T BE A 1 57 | A Bk
B S 2 B A SRR S D S2PR B AE ChatGPT HUBLZ AT, A 248 X AL T HAYFI BT T
AEVE, SCEWR - $845 ( Elana Zeide ) ¥ AT Ll A« B2 F7 (the black box ) Fll“BRIEF AL (invisible
infrastructure ) " BRIENS AL T FIAS 2 95 7 A SEAEAR HE | D SRAN g B 36 1) L

G, 12 [ ST I BRI A A O X R AT T HL i SR U RN S, D] 24 B TRAR AR & A T 3
A1) ChacGPT {007 PR FE ) 1 4 R MUY AT SR ™ b S5 9 v BRI 2807 st 1]
Al THMFTEEZRS | A ER2EE AR T 2019 4440 TR BATATMA TR I — AT
REIAHLIN ) BRI ALY AT AR L A nl s JHHTHTE TP E R
B8 AJEIN 35 T A AR

e E B TR BUR LUE AR TE X AL BSR4k LR RO H B B
P Sy Gy R AT Sl e X AT TR A S0, 057 1 ERHIE e AR IR 35 A BRI S ] AT TR
I, B SR T T A ] AT TR I LRE TR T R . e A7 71 8 R O AR e A B 7 1l LA
R R O & B, vl A 38 E R Ak 3B A B X AL AT A8 U RS S , h 4 TR
AT A ROR A AL T H G202 BHIFRIIR S5 453 TAE R RE T, ARG F2f A A2 ) W s rh 7 52 4F L
AR AT AL T 8827 2] R R XS AT (8 it R SR s O 442 L feff P D D AR T2
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—EEERKRNX Al TERREE

AL B A i T B A 25 R B B 20 RHIE R IR 55 TARAR R TARZ ANk, N T AL
IO 3 E AN R P SR A PR A, 5 Tl R A 0 03 R B 22 M e R SRS, O O R 2 AR AR T AT T
HAYI7 P BORMER SCFF

(—) RIE By oy 3K 3ZH R AL TR EE

IS B P H55 K PAT RIS BOR BRI BUE MR 57 TR 2R s« 00 R SCfy
XA R AT T HAEAT 5 SR 9 S R (B X 28 TR I 25 A 2% — S B 2 PR R i R Y
S AL R B A BARRAL B R AR SRS " M R 2% 7E ChatGPT (i) 2 Fir stk
N AT B IRBUB AN R 25 48 B IZ A7 07 U v g, O AT DA v o SR B, 398 R~ 18 A7 34
BRI R A RS5O, B 2 [ i s 3, A8 AL AT X 863 g (H A7 A fe 2
Bl 24 ONFAE DT T RS, IR Az i — 2046t U HR A AL T HACRIBE T of A 2 R
AR | L BN ) 12 B AR BRR AT AE S R T AL BB TS A O DL BB AP F e
RAER  RETERAEIIAE |, AL 45 85 S HOE KA R MBS A5 UM (efficiency ) | USRI M
(thinking stimulating) Z#H% I RE (editing) {58 5 SR | HB A€ 2% ) HOR B S A A AR 55 JF:
KSR R R 2E RN ARNHER LA FR R A MIT B AE MIT /9 AL JEIE sl
DA i AT S8 AROR T L, [] 55 2 N LRI A A A 26 B MIT DA Bt AR NS BED , BER R
B S 5108 AT AT 3 @ 20 AR IS s 1A, Fefie =00 MIT 12 H 58 4 T OFn 73 ==
UALBRY S 7 o N 13711 E =3 N (S EU 7 = e 0 15 5 | 1= B = W O (O QA B 7 Y R
PHERI],MIT X AL T RS MOTE 58 T 2206, ORI MIT bl s sl it or 5= 2850, fHK
IBFEAE N EARBIHTRY MIT BFTES . AR I R X 52 AR R I i n A8 A 2 4R
ot M A A RS R R IR, S E AR ENTIR A SS ITE BT A Hl 2, SRR B8, T K i | it
— S LB IIE S, ARG AT TR AR 2 — b 20 P R AL, BATIUE T kbl 2y W )om
T H R BB R AR FORT A

() RIEEBGy oy o 2T I AT HS T4, Bhh 22 RhlE mY) & 9ebats LRy AL 16
J]

TN K22 F 2020 4FREA7 T “ M K2R AT TAEZL” (UC President Working Group on Artificial
Intelligence , AR FTAK“ TARLL™) ", TAELL bR [ AR R 24 FLATBOR B T T 32 43 80U T 41,
IUEE 4 DL G2 T ALTERERE N BT S M R e 2 i 4 A G HIBL 2 A
TEAE RS, o TAEZH 1 X I R 2% el A AR 1Y) % R LA SR R s AHODCE #EA T 2 DRk . U5k
SERRY] A AT T HAYETEXR 2 AN CER B R — 5207 A G HARC- i WIS AR
SRR RS LA B iy il 2. AL T BSRA BE AL . 53 b, 32 05 8 L LA i R 2 32 3t 22 e Vi 1Rl N )
AT A BRI, DU E APEAL A2 i AT RS, I 57 A B ALTRIRLE] . B TU5RN
7, TARHSE T —E MM A THERY AL, RIS Bl S0 s xh AT TR A5 BRI |
TR SETEAEAR o 5 R N 22 A AL ST AR AR, X IR 7E Z A AT BYAE 7T BB AFTE 1Y
WU FEAT PG A 38, I e A G BOR

W R B 4002 DN 2023 4F BRI IR 5 B0 T AL R e FF 78 A= il AT Xk R 7 B
R A TAE RS20, BB R iar 1 3 A TR, B AE et AT 207 A A2 X AT BRI AR AR
W ATATEGEATAL " R R RIS AT F 08 17 BB BB B DL R USSR
FHATEN GV AL, TR 55 AL Z0F BRI i S 0 S B T 38 3 HE R0 VR T Bk Y AT LR S
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A AT BHIFE AR AR BN K G i 19 AL M £ BRI TAE R BeA 61 58 NI,
LT Al i B A= il AT TR SCHRPRIBCHE R2 f 2 RIG 3l o 1% T AR 2R i i 9 Tl R 45 4 e
WOk A G AL T H Fr R A5 2 AR P | o] CRAP AL B0 AR P A, Ane] 76 16 J2 5% B ATLAS) X 2
ARFEIEEBE R 0 [ iR AR S AT T B R BHE 2 15 00 5, Gl R AT T HL B vz ML 1%
AR, ARG ALATBUS T R B 5 BRI AR ok A ATBO T TR F4E 2B FEHF R
TAEREIBEA S 21 N, ABTEC) T (s B 24 B EAL SRIG AT EUE LM 2Us 170855
3 T 7] A

(=) BB EIT AT B2, i AT a0 @SE 52 AT TR 255

FESE K 2E N ChatGPT BRSO A2 m e L A 2022 4FJKH] 2023 45 3 H 5
K ZWAEIMIFT 23 TR0 AT BRI BOE U HOE AT T RAEPR S HE RS H W TAE T AR Y
ER BEXTHEETNTR 2o AN U0 B 25 AR I PEBRA T Rz 5 1R, 8%, St —30k
B, KRR ChatGPT M4 i B AR AL S A T EL AR W R T I 1) DG e ] R fige e
A RORBTEAE AT T M AEZS (E FkL 4, MIT T 2023 4F 11 J 48 7 “MIT 4%l AL 7 3%
7 RBET MIT B2, B MIT A ST B ik 2 B B A ol AL T EL A E RV 7, 38 i X
W IR T s fm At s M, MR 22 R4 T 2024 AFHZUE 2 RGN AL 2 AR
SV e E EHE R AL T MRS S i K224 A4 T B T4 4 | 67 S AT b A
Al T E A ZMEAAT, DLAE AL B Il S 5 58 57 3l 1 A0 o £ B A G0, S 23 iy —1;
H SR, 2E A SR FR (ecosystem of education ) AN EEHLZ: (opportunity) 5 F: 1] ( navigation )
P, AL TEACHEE ML T LS FI et 1 S0

(P9) ik AT TR PRRREAL AT 22 IR TR AT £25E

e ] R A TR 2 Y SR RORAAE 2 — R R A 8 N2 DI 25 1 5 R LA R 80 e TR PN 25
PR BB AU SRR TR R ORUE AR S | 00T B 2035 T R AR B R, B 3 R
R4l BRI (R T o A% L, T B BEAR I, A AR T & 28 2% S RF O U B IR R Sl 4% 76 AL T
HEA: DU P2 m i B2 e RS ALBIREE ML LT AlYHE 7 IR, h2ed BT it 4
K FPLBEA R AL TR BIAE S

RN 2024 AFFF =2 T 06 1 i N T 5 A AR BRI F IR (Artificial and Natural
Intelligence ; Gen Ed 1125) %2 | X[ THRFEEE T AT 59 LLMs JEFE | M35 A 2878 fiE L K2 K A Sh BE AN
GER OIS e ) O FHARIE T RS S N S BIE AR 25 DU E e AL, DR R A i
P fh 2 B R 1 ), BRI FRATTAT LA 24 AR 2 Bed RS R TR F R g
AT AR T T3 PR PR R ML AR 8 (TR S U RE T AL BN T H SR LA ) 1R M U A SR I %
H AR B (B K AIA TR ), 28 K S SHLZ RIA G &R . BEURBUM HE— L 3 | B & B A B
e 2 AT RS BN Ry R AT LTI 55, A b2 HE AT ARk 2s 52 ma, 3F K AT 938 R
TCMAT ), FE R N 2024 AFFZERGIE “ BOER B IR BB R, IR ECE IR —J& ChatG-
PT, 4% ChatGPT 195 MIHE AR, 1S FH ChacGPT AT i H BLAYEIBY | 1 S WAL | 18 Fat £ 45 )y T g 1)
Y IR R AT BARRAK TR AR A O B R R E BT ChaGPT 242 {k
AL AR AL R SS AU i BB A B 44 BUA PRI A E A TR
1T CAFIE 5 B I A ST AR R R KU, I A0 A O R E 23 1 Ak & et 462
TR A R ARG v B T S DA Sl TP A0 207 B AR S e A A0 PR T, 1 S R 7 T A R T X
RIRHINZ B8R

TIHN AT B R R N E LSS AT R I BCF N TEN S SO R E AT IR T 2023 4R
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SR AT 5EdERRE” (Applied Al & Data Science) WEHI1 H |, Ay2a A= 3L AT 580405 Bl 27 458
FIR R A RIS B 22 06 1) | REZS IR K2 ST T AT SIS ( Al Strategy ) 1IE-5 2t H 24X eI H HRER
£ AL BN B RBHE T, a2 A8 il J5 7E 52 bR TAE Rz AT 32 85 TAE RIS BOR R . LA B
KA H A ), HBE R AT AL B R A & R, 271 AT T HABHE R 0 B A HL B, 1
s AR RN R AR ST . IR N A AL BE B SE R B 0 B WLES 4 S BRI A TR o )RR
A AL AE I H U SR A2 > AR X AT I SEAR B g K HLAH B 4 0 FH 2091 5 SR AR 3L A7l
FRUERY AL TR AV 75 25 A A0 AL RO DL & 2T B8 TR AR TR SR 7 5 S AR L R AR Ze AL &%
S R IR 5 4 T PR TR 2 2D HOR 5 S 4R M LA 27 > A 1) 5 B o 72 5 2 > 2F i U A
FAY KA T

() AR WG IZ B A SR T AT TR E RS S5 B

X F i G BRI R R R W, LT A BOR Bl LSS s 5 B AR 2l i 2 A
WISTE KAl AL TR MG, R#4 Sy ok B AR 2605 8 ) IZ 848 AT TR A a2 5 i
IR R N R EIB AL B8 ) B W B 07 B IR B AR AR 5 5 09 28 i AT A BERHRI
B, A 408 ChatGPT 224G AT IR ChatGPT WAl F ChatGPT | 280 0 4] 38 3 141 4%
ARV R BT ChatGPT HUR AT 5244 5HE ChatGPT 45— R 5[]  my ik ksi il A it Al
TEMG 7 ( Generative AI@ Harvard ) A FIHIAE o AT #0577« F AR =X AT AR RHIE” “ ] A2 et
ALBIFGE™ DA R S AT TAE” 4 A7 TR0 B3R T 0 0k K24 56 T AL T H A0 A IR it
TEEMZEI MR AL TEAF IR L FIHA R AL R A6, IS T 7 A7
(B, G feft P AR X AL WERURERE e anfal il 1A il AL 5 B 58 B B W B9 TR AE B0 el 518
B2 2 VPAN A iR P AR i ATy PR 3 vp il F 2R X AT AETE A 2 XU 2 T P A AR i
L ALFEHF TR ARE? il B A R AL IR 587 FEREEEE i AL TR i A4
U7 Bl T2 8 D sl e e e — A [P LR AR T R PR A 01 20 JF 4R T E s 5 B S H A,

(7~) ZmE it AT Zetsh SR

IR K RIS b e N AR L T AL T HL A5 BANGERE, (E e ELARSR A b | 200 i 1 )
WA R LA R 2 e AN [l 56 [ AR 2 K 2sid a2 1 2 NI O Z00m 4 A 514 iy 5
YA S, WiHAR K2ATE 2023—2024 224E AR AT, i H < #2257 ( Teaching Commons ) A
FOMHAEFI AL R BRI 6 A, 15 B 0M 2GR AL ST A1 T2 R ffi
FIRYIHL it AT T HAY 8 WL S SO AR R AU AL T A o 07 ik AR 72, OF e
PEFVH BT BTSRRI B B URER | 43 BT 27 A S B3R X IZ IR FR (] AL (952 0w, I 1Ak iz ]
AL T H AT ReME ; il AE R s ) b 5 2R A A AT T B A BARBLE SR Aol 4 204 2%
A AT S8 A S AR 27 20 URVPAG 7k

= EEERHWAI TEFERAEREN

26 [ A AR 45 A RS SR TH IR T A4 A AL RERY IR O T RIS A T B ke TA
[F] )2 T 4 s ) S

(—) BB AL T ELf8 s

FEARZ F AN IZ il T AL T BN FFe me . XA E T 84 i 98 El— i K241
BT RS R IX SR EER R [RI R EE M E T AL T B IR RIS 2 SEPR b A R SE AN
K272 T 1) 2 RO R S D o A SO0 25 T A 0 RHE A Sl AT T B 0N UIH K2
Rl NER—DREFERGE AN A T E RN B R R G20 AT T B A ), T 2 Y
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T B ERPE TR et BRRA RN A, NSO E UL, 2 5 AR B, ] 25 = A
o, ) T 8 AN I T BARELR (L 1)1 A, S BARE 4 A RO e B e L T
SRR A A RN A RS . AR, I RIS AZHIL RS R 48 B LR, 200 N 3l i A PR AR s TR
ChatGPT SR RIETH AT m LS LT AL (975 200 IR AR RN EA 06 8, H 5 %4118
FEA 2 Pl AL T B2 AR TS H R R S5 i ™ A e R A BE” (inclu-
sive intelligence ) FURLA , 2 T AL RS TRk TAERAILFIZEA0TE R Y TR aRIE R AL T A
A E RKWE TAEFAEIERl 2 A BT s (B AT BE IR #E S 28 0% 25 S5 At A8 ke TR L AR
H AL B} 252 W AE , A A R AR RUAIR T 20, WA AN R 2 R A OC HOR 25 59 9 Z A0 55
PTEA, E NTEH AT R B AR, DL S A e e i 1 R e B ARG i
F1 MMKZRGMER A TAEN

Rl GES

&% FE AT EAE ALK A Ao U A A8 T R Aot kA R, AR T B
LEE2XY

E FEL P AT T AR, B AR R AR MY A, QLA MR N AL W) kA R R R R R

IR Al TR GG H 2 R vAR AR R T AR R 0 4 F RANHE

AR TN 3 .
’ p ;:}: Btk Al T B e A EA AT S, I AR R A AT B R e R A TiE
7 &l

5 % Sk 2E 0948 M, Fe AL B 475 Hh) 2 AT A E SRR R R BT Ak 2 R
PET B3t Al I B i f2 64 4 JL e AP SR AT 346 | 50 T R 20h) B R R A R 3R e AR e VT AR 3 %,

HEE
[& Fu o G 4 B AL T BB B A AR SR KRR AR 3P A AR 04 Ta Fa & A
A AL B X HAEMEN A6y 7 XFF L Ae B R Al T B 4ot T F RA A A AR
EFH B AR B AL TR B AR QAN SR TIREAS BHF RRF T BOH BT RAER
9] 37 4 Ao gl K F R ARIE A LR A TR A4 A AT T A3 09 e RRAR ST AR

() FEAZmAEA] AT TR A5

FKFERZIREHE T HOAIR T AT, S 3E AR s ZOR BRSO AE Zy 13 v A W
A AT BORLE  ALHE T AT T RAY TS SRR A BEAH DGR AE LA SN SN LS A R A0 i 2R, A
IR A R SR SRR AR AT AT T HSE R AT 55 W Y SR AR SC Al AT TR SRR B IRAE
B SR A e AL R SR 48 2450 . BB Ik KAF 2 R UE BUR % 5y 43 A W X 2%
ATESE AL I S ] ChaeGPT , T2 LE A IRFUMARSE SRER A N A T . B2 T 4 BUm ki
Tr I S 142 B2 A JE K SR A5 ChatGPT IRAR /4 3 28, B Fe i . i BR £l
AR (-, JF 40 4R 1 Pl AE BRI a8 A B A 2K (L3R 2) o AR A i sl i BRAS
H %2 2B R 2 54 BB APA ( American Psychological Association , 32 [E.LyBH2% 2% ) MLA ( Mod-
ern Language Association of America, S BUICIH 5220 ) 453 SCHRsUIRBES S0 ™ AT K201
FIIr IR 22 B s R 2R AR SE AR B 2 2l AT T BN, £ 1T E T O T7E 2023 4F
A I PR SRR AR R Y o 12 B A BT AP 2% A R 2 18 T 4 1 T Y 2
TEZ XA AB YA 78, A5 1L H] ChatGPT HUHAt RHRNE F AR (LLMs ) |, I B i H e F Al
BT RSP 5 o O 2, e s IR N BT 5 1975 1 782 1R s B R R R I R Y
PRI M AT T HASAS SON PRIOE B AN (R AR, 20 A A A IR AR BOs DR A BORL, [l e
CHRAEA IS ERAE NS, I -7 BOM AR AR ) B A2 45 ChatGPT, LA T f## LLM 7 7]
B RS AT R AN 2 DA TR S B 2 I B 2 A R A VR BRA TR

.73 .



FTRBBHR 2024 F5 4 JE X 3% A%  http . //yxxy. cbpt. cnki. net/

K2 HARHEXRZFXTEEAETHRIREZELMER ChacGPT BIRM
RAEEA BEHFHR T aEHER HEE 3

HEEATHEL P, TAAH A Al T A Z AL, 4o

ChatGPT 24 M L&A 3| X428, FAELRA B B4EA ChatGPT 8 B4R A
Al T ARRBEAZ 809 A0 5 5r P AT 5] LA K, EBUE
A APA MLA % 7] 84 47 2 4%
KX, Hlde  APA #9442 ; OpenAl.
(2023) . ChatGPT(Mar 14 version)
[ Large language model]. https://

A4 ChatGPT
#yRAR

TASE G AGHE LT AER AL & 2 AR 4 4e
# FAE Bl ChatGPT ChatGPT, Z R [MFL E£H A BA C],2REA T 7
o RAR AL ER D E Fo B, 4o st dofT £ AL F & %

1A Al T A BB B & RS FIRE R IR G L

chat. openai. com/ chat.
PRAEFF B BT A A A A, B0 R AR A AL T B 4] e
ChatGPT, A B e X AF L 5 8 T B 4o Chege® A K FER
F R LA R SAEATIRAZAE L

#9145 i ChatGPT
o RAL

AR APA 09 AL B Lk 5] XA KRR T APA M3E X% . “4afT5] A ChatGPT” (How to Cite ChatGPT) , M 5544
# . https . //apastyle. apa. org/blog/ how-to—citechatgpt.

(=) FHIPZ i fE AT AT TR0

[ B AL BOMERHIF U A 2R 3 Hy, W] AR GE B O A58 S0 i ey W BRI H 45, Y
AL T E 5 1R 2 K2 BT An el (i AT T B AU A ZUMA2E R B oksg  Hl A K
FUTRRAE TR U ] AT TR JEN S SR FOM AR SRS FHITUR H RS
AN E BF BIHLA AR M AE T LA AERE SR th G B ST AT TR, WA R AE 3 PR [ 2% T
BHRF G2 AT BEE 2 A AT T EL 8 PR ) @, At K 2% (The University of Utah ) 355 B 7 P34
FOMSLHEE N TEA R ERIT ] AL T RAYFE R . %38 DI £ ) IO AL 7 AR T AR 22
GE MG O G 8 E AR AERHIF U T AL T A BRI | JE 3R 485 R 6 18 S A B
B R A5 T A S50 AR R R A RIS G T AR N SV AR T AR SCBCRAN SR 5 LA
oS 25 B SO AT T A RIS P g A e ma A 5 05 T IR12& T RMIE A B2 AT RE
BB AR W 3) I PR RS 1SR SR A AR SCHLA ) 1 AT TN, SEPR E | 3k 2 )
WA R BIAEAE T AT T 2L 38 38 (1938 3k A (] A3,

F3 b kFEXFRGGUBER Al TEMERE

2] 2 B] & o B Ao Al kTR
B e AT AT R G AR fi AR, BT A Rk R AR
Al 2 % T A4k A 4 . . i i
%;,é Rk R VA G ER, EAEFATKR, CNAEHEAEZFR
W B BRI ATk R AR e 4 7T P
5% 50 BF #8 LA AE & dm Ao Al T EBATHF R 4EH %
RETOMM AR BUTE R & A ORI A e T AT 1A
Aok b A i1 £ A IR R R EAE R AL A F kT AR, HF
-7 EAE APA 57 IH X (APA B X ILE 2)
WBFEALT, BUFEFIM KB 3 AR B A A B F ALK
RBET AR AL 3 PP AR B TR AN B R A2 Al T A T4 6146 3
BHIA A PIRE meEmEAE % AhikFednik” 0y A, FTAFHER B k4 AR AL
I ABERE PRPEEEE FHR LM ER
A FZ VAR AL W L , . NIH ZEb4% 8 X2 B 4 F) A Al #E47 B AT 38 F a9 i 42
i % RIE
Ll T leijﬁfg’“% R b RRE AL AR R BT AT TR b B S
Foih AGNE B o3 ARG X Ak e R AL E S R A
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51 2 S R AeAg kTR

FE A T LIRS Al T B ik A A s TRt
HFAFLLATABBRREN  ARRROTELN TAHREXETRZ, AKRUA
& Al R34 (AAAL) 892K
28 . (D% F £ B4 BEA X% ( The National Institute of Health, NIH) 281145 JA AT F AT B w3 H 092, A
A“NIH 21k £ 7 B 4P 48 8 AR X AL AR (The Use of Generative Artificial Intelligence Technologies Is Prohibited
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Responding to and Applying Artificial Intelligence Tools in American
Higher Education Institutions; Strategies and Principles
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Abstract ; The emergence of ChatGPT marks a new milestone in the integration of artificial intelligence
(AI) tools into the daily lives, learning, and work environments of the public. It has significant implication
for higher education teaching, research, and services. However, effectively utilizing these tools presents
challenges for universities, including the lack of awareness and skills among faculty, staff and students
regarding artificial intelligence and related tools, as well as challenges related to information security, privacy
protection, ethical integrity, and more. To address these challenges effectively, universities in the United
States have employed various strategies such as training sessions, conferences, online dissemination of
information, and incorporation of Al knowledge and skills into curricula, and discussed the advantages,
disadvantages, and risks associated with these tools. Simultaneously, universities have developed principles,
regulations, and guidelines for the use of these tools from teaching, research, and administrative
perspectives. These measures aim to assist faculty, staft, and students in effectively and responsibly utilizing
these tools in their learning and work environments, thereby mitigating risks, enhancing operational
efficiency, improving the quality of education, and preparing technical demands for scientific research and
future labor market in the age of artificial intelligence. The reason why American higher education
institutions are taking rapid action in response to Al tools is largely due to their strong desire to further
explore and utilize new technologies, maintain its autonomy and standardization of governance as well as
academic freedom, value a diverse scientific research and teaching environment, ensure the cutting-edge
nature of teaching content and methods and interdisciplinary studies, and to meet the future societal demand
for labor force. Discussing the reasons behind these strategies and principles provides insightful guidance for
Chinese universities to effectively respond to Al tools, while also helping universities to reconsider strategies
for improving governance effectiveness, strengthening teaching modes, and educating talents to lead global
development in the future.

Key words: artificial intelligence; generative artificial intelligence tools; strategies for Al tools;

principles for Al tool application; American higher education
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